


• “The sexiest job of the 21st century”
Harvard Business Review

• “Tell your kids to be Data Scientists, not Doctors”
Wired

Data Science - a big buzzword



Glassdoor Economic Research, 50 Best Jobs in America 2019 Report

Data Science - a big buzzword



Glassdoor Economic Research, 50 Best Jobs in America 2020 Report
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Glassdoor Economic Research, 50 Best Jobs in America 2021 Report

Data Science - a big buzzword



Careercast Best Job 2019 Report

Data Science - a big buzzword

Ranks Job Annual Median Salary Growth Outlook to 2026
1 Data Scientist $118k 19%
2 Statistician $88k 33%
3 University Professor $78k 15%
4 Occupational Therapist $84k 24%
5 Genetic Counselor $80k 29%
6 Medical Services Manager $99k 20%
7 Information Security Analyst $98k 28%
8 Mathematician $88k 33%
9 Operations Research Analyst $83k 27%

10 Actuary $103k 22%

1st position maintained for 2021!



What is Data Science?

•What Data Science is not:

• Fancy name for Statistics, computer-age Statistics, …

• Machine Learning, Artificial Intelligence, Coding, …

• Business Analytics, Data Analysis, …



What is Data Science?

“More than anything, what data scientists do is make discoveries while
swimming in data. It’s their preferred method of navigating the world
around them. At ease in the digital realm, they are able to bring structure
to large quantities of formless data and make analysis possible. They
identify rich data sources, join them with other, potentially incomplete
data sources, and clean the resulting set. In a competitive landscape
where challenges keep changing and data never stop flowing, data
scientists help decision makers shift from ad hoc analysis to an ongoing
conversation with data.”

Data Scientist: the sexiest job of the 21st century, Harvard Business Review



What is Data Science?

“Data science is using data to make better decisions with analysis for 
insight, statistics for causality, and machine learning for prediction. 
It’s possible to be solely a data analyst, statistician, or machine 
learning engineer. However, a data scientist is a person who can do 
all three.”

What is Data Science, Towards Data Science



Examples

• Data Analysis: find insights in existing data 
“What caused the sales drop last month?”

• Statistics: apply rigorous mathematical ideas to make causal claims
“Which version of our website results in more sales?”

• Machine Learning: prediction dominates
“How many customers will leave next month?”

What is Data Science, Towards Data Science



Examples – COVID19

• Bayesian Analysis of Effective Reproduction Number 
• analyse incidence data
• use mathematical model
• use statistics to quantify uncertainty
• advise policy makers

S. Agapiou, A. Anastasiou, A. Baxevani, T. Christofides, E. Constantinou, G. Hadjigeorgiou, C. Nicolaides, G. Nikolopoulos and K. 
Fokianos, Modeling the First Wave of Covid-19 pandemic in Cyprus, 2021.

ApotelËsmata - Ek twn UstËrwn Katanom† tou Rt

07/03 - 2
0/03

21/03 - 0
3/04

04/04 - 1
7/04

18/04 - 0
1/05

02/05 - 1
5/05

16/05 - 2
9/05

0

2

4

6

8

  4.75

  1.5
  0.81   0.39   0.67   0.69

07/03 - 2
0/03

21/03 - 0
3/04

04/04 - 1
7/04

18/04 - 0
1/05

02/05 - 1
5/05

16/05 - 2
9/05

0

0.2

0.4

0.6

0.8

1

0

0.3

0.59

0.87

0.7 0.67



Examples – COVID19

• Measure relative transmission reduction benefit and social cost of closing different 
categories of shops, entertainments, and service providers
• Insight to ask the question, build appropriate metrics of danger and importance

• Big data: mobility data from smartphones, consumer preference surveys, and economic statistics

• Basic statistics

SG Benzell, A Collis, C Nicolaides, Rationing social contact during the COVID-19 pandemic: Transmission risk and social benefits of US locations, Proc. of National Academy of Sciences, 2020

A

B

Fig. 2. (A) Category cumulative importance index and cumulative danger
index. The color scale reflects the residuals, by category, of a linear regres-
sion of the importance index on the danger index. Golden categories have
disproportionately high importance for their risk, and blue categories have
disproportionately low importance. (B) Change in location category visits
versus the category importance–risk residual. Marker sizes are proportional
to total visits in February 2020.

(OES) data on occupational employment mix by category and
Occupational Information Network (O⇤NET) data on occupa-
tional tasks. 1) Dentists and 2) barbershops and salons are the
only two categories with a high share of workers requiring intense
physical proximity (72% and 58%, respectively, of workers in
these industries have proximity scores of over 90%). Addition-
ally, movie theaters, gyms, and amusement parks have a high
share of workers requiring a moderately high level of physical
proximity (57%, 48%, 42%, respectively, of workers in these
industries have proximity requirement scores of over 80%). We
do not include these data in our main analysis because the need
to be in close contact with visitors impacts both the risk of a

category and the economic cost of shutting a category down.
A category with a high share of workers who do not require
close proximity to visitors will find it easier to reengineer itself
to increase social distance, as well as to allow for work from
home. Most retailers can offer curbside pickup rather than forc-
ing customers to enter crowded stores (and, indeed, most states
are encouraging curbside pickup). Locations can also be made
safer through use of masks. This is especially important for loca-
tions like museums, with limited physical touching. On the other
hand, locations like gyms both emphasize physical contact and
make mask use unpleasant.

A more important limitation of our data is that we incorporate
no information about linkages or complementarities between
industries. If one industry is shut down, it could decrease the
revenues, employment, consumer surplus, and visits of another
(e.g., by depriving them of an important input), or increase them
(e.g., by effectively “raising the cost” of a close substitute; we may
be seeing this with restaurants and grocery stores). In the cur-
rent analysis, we effectively assume that all industries are perfect
substitutes.

There are other limitations in our analysis in terms of factors
that impact our rankings of both location importance and risks.
On the importance side, our binary choices do not yield infor-
mation on the intensity of preferences, and leave out potentially
important externalities from some locations (on mental or phys-
ical fitness, for example). Moreover, our survey sample size is
limited, and further research should use a major survey research
firm and larger samples. On the risk side, we fail to account for
the fact that some locations encourage reckless physical activities
or might disproportionately accommodate “superspreaders.”

Governments and civic organizations across the world have
made different decisions about how to implement and relax
social distancing measures. As they do so, they have various tools
at their disposal. In the United States, many of these restric-
tions have been location category specific. Details have varied
from state to state, with gyms, places of worship, and liquor
stores receiving particularly heterogeneous treatment. Why are
different states adopting such different policies? One possibil-
ity is state-level variation in the importance or danger of a
category. This variation would have to be separate from urban–
rural heterogeneity, which we find to not make much of a
difference.

Another possibility is that, in the absence of empirical evi-
dence, states are being forced to make decisions in the dark.
If so, we recommend that policy makers conduct analyses sim-
ilar to the ones described in this paper, specific to their regions.
Regional mobility, credit card transaction, and other relevant
data are available from a variety of sources. This should be com-
plemented with regularly conducted large-scale online consumer
preference surveys to account for heterogeneity across regions,
demographics, and time.
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Career Prospects in Cyprus

Main Sectors:
• Consulting (including consulting services of the Big Four)
• Banking & Finance (including Forex)
• Technology & Telecoms
• Health
• Retail
• Research and Innovation
• …

Main Functions:
• Marketing & Customer Insights
• Forecasting & Planning
• Optimization and Risk Management
• Decision Support



Why study Data Science with us?



Our Curriculum



Our CurriculumMaster of Data Science - Prospectus 
 

8 

2.2 Indicative Program of Studies 
 

First 
Semester 

CS  Introduction to Data Science and Analytics 8 

MAS  Probability and Statistics for Data Science 8 

MAS  Statistical Simulation and Data Analysis  8 

One Elective Course (offered by other entities of the University of Cyprus, e.g. 
Department of Law, Center for Entrepreneurship etc.) 4 

Second 
Semester  

CS Big Data Analytics 8 

BUS Business Analytics Applications  8 

MAS Statistical Learning 8 

One Elective Course (offered by other entities of the University of Cyprus, e.g. 
Department of Law, Center for Entrepreneurship etc.)  4 

 
 

Summer 
Semester Capstone Project in Data Science (1st Phase) 5 

Third Semester  

Computer Science Track/ Statistics Track/Business Analytics Track 
Course 8 

Computer Science Track/ Statistics Track/Business Analytics Track 
Course 8 

Computer Science Track/ Statistics Track/Business Analytics Track 
Course 8 

Capstone Project in Data Science (2nd Phase) 5 
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Our Curriculum

Elective Courses **

• Statistics Track 
• Survey Sampling
• Time Series Analysis  
• Multivariate Analysis 
• Bayesian Statistics
• Computational Statistics

• Computational Science Track
• Information Retrieval and Search Engines
• Advanced Topics in Data Management
• Natural Language Processing 
• Deep Learning  
• Data Visualization
• Cloud Computing

• Business Analytics Track 
• Managing Business Processes with 

Information Systems & Analytics
• Project Management using Analytical Tools
• Information Networks
• Quantitative and Qualitative Decision-

Making
• Web Analytics for Business
• Data Mining for Business Analytics
• Data Visualization
• Investment  
• Financial Theory

** The availability of the electives depends on demand 



Our Curriculum

Capstone Project

• Over 30 MoUs with local companies, including
• General Health System
• Central Bank of Cyprus
• Bank of Cyprus
• IBM Italia S.p.A. Cyprus Branch
• NetU Consultants Ltd
• SignalGenerix
• Impact Tech Ltd
• Huawei Technologies
• CS Circles Technologies Ltd
• NETinfo
• Nicosia Municipality
• Frogsy Ltd
• Primetel PLC
• Cablenet
• Cyprus Telecommunications Authority
• Cyprus Statistical Service



Practical Matters

• Start: September 2022

• Duration: 3 semesters + summer semester

• Language of instruction: English 

• Tuition fees: €5.125

• Lecture times: core courses grouped in two mornings each week

• Application procedure: via regular University channels 

• https://ucy.ac.cy/graduateschool/en/

• Academic requirements: introductory course in Calculus and Linear Algebra, 

Probability and Statistics, Programming principles



Further Reading

• https://datascience.cy/

• https://hbr.org/2012/10/data-scientist-the-sexiest-job-of-the-21st-century

• https://towardsdatascience.com/what-is-data-science-8c8fbaef1d37

• https://www.wired.com/insights/2014/06/tell-kids-data-scientists-doctors/

• https://www.careercast.com/jobs-rated/best-jobs-2021

• https://www.glassdoor.com/List/Best-Jobs-in-America-LST_KQ0,20.htm

• https://365datascience.com/blog/

• https://fivethirtyeight.com/

https://datascience.cy/
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https://towardsdatascience.com/what-is-data-science-8c8fbaef1d37
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https://www.glassdoor.com/List/Best-Jobs-in-America-LST_KQ0,20.htm
https://365datascience.com/blog/
https://fivethirtyeight.com/

